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PURPOSE RESULTS CONCLUSIONS

* Optimizing glucose management for people with type 2 diabetes requires them
to know their glucose data and understand what to do with it

« Continuous glucose monitoring (CGM) solves the problem of providing critical
real time glucose data to individuals with diabetes

] ] « Confirmed probability of improved GRI was established for all individuals and
Figure 3: Demographic Data type 2 segments, due to utilization of digital health features

 Confirmed probability of improved GRI was established for type 1 individuals
based on CGM wear time

» Welldoc® continues researching how regulated, Al-driven personalized digital Gender Age Type of Diabetes | |
health solutions combined with CGM data can be effective at helping people * These data demonstrate how the GRI - a simple but powerful composite
with diabetes improve lifestyle factors that affect their diabetes metric — can help characterize the behavior and outcomes of populations of

CGM users

* The Glycemia Risk Index (GRI)! was developed as a composite metric from
continuous glucose monitor tracings, to assist with basic clinical interpretation
of CGM data

« We applied the GRI to a large data set of digital health tool? users in order to
further quantify and understand the potential benefit of CGM plus digital health
on glycemic outcomes

 The GRI may be a useful tool for digital health software to coach individuals on
self-management behavior based on baseline and progressive values of GRI

« The GRI may also be used to provide decision support and population
Mmanagement tools to health care professional

* Further research and analysis Is required to assess longer term improvements
and duration of improvement

METHODS

* A real-world data set of 499 CGM users who were utilizing a digital health tool

was created REFERENCES
 The data were de-identified according to standard procedures
 The GRI was calculated for the first 3 days and last 3 days of a 14-day GRI Over a 14-day Period

observation period in those with at least 80% sensor wear time (n=381)
« People with diabetes can be mapped to GRI zones A (best glycemia) to E (worst The mean GRI of the population improved by 6 points (+/-29) during the

IKlonoff DC, Wang J, Rodbard D et al. A glycemia risk index (GRI) of hypoglycemia
and hyperglycemia for continuous glucose monitoring validated by clinician

glycemia) seen in Figure 1
* A better glycemia outcome was defined as a lower GRI value at endline from

first 14 days of use of the digital health tool.
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